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Through the decades, the Higher Education System globally experimented
a huge increase in the average marks that each student receives. Among sev-
eral hypotheses, in this article the idea that grading is one of the tool that
every department can use in order to attract a larger amount of students
will be stressed. Regarding the Italian case, the speed in obtaining a degree
is among the criteria considered by the Ministry of Education in order to
evaluate universities, financing them proportionally. As a shortcoming, this
can boost an artificial increase in marks. So, the number of students becomes
important for those universities with the worst ranking positions, in order to
finance themselves through fees. On the other side, it is reasonable to expect
that a student emigrates toward places which offer higher chances of receiv-
ing a job. In other words, mobility might be driven by the search for better
working conditions, and not by the ’ease’ of the faculty. Testing this hypoth-
esis, a Multinomial Conditional Logit Model will be implemented in order to
measure the probability of choosing a certain destination depending on the
harshness and reputation of a University and on the rates of unemployment
at a regional level.

keywords: Higher Education, grading policies, students choices, Multidi-
mensional Conditional Logit Model.

1 Introduction

The main aim of this work is to investigate the capability of grading policies in attracting
students within the Italian Higher Education system. This question affects a debate
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which arose at least during the seventies, when Juola (1976) empirically tested the
idea that American faculty members could have artificially increased grades, mainly
in order to ”quiet down” the student bodies’ protests caused by the Vietnam War.
Consequently, several scholars have tried to consider grading policies as a kind of a
strategy, played by the directorates of the degree courses, in order to attract a larger
amount of students in their programs. There are apparently two priors that across
the literature characterize this phenomenon: the first is that soft grading policies are
negative per se. The second is that they are an outcome desired by students. As a
definition, Eiszler (2002) states: ”Grade Inflation [...] is, student attainment of higher
grades independent of increased levels of academic attainment.” Consequently, students
have to be so myopic to desire a easier University Education, no matter if they are
less prepared, receiving less valuable degrees and getting more difficult sorting in the
job market. On the other hand, Finefter-Rosenbluh and Levinson (2015) address this
problem taking teachers and professors as the main actors. As the authors claims,
”In this respect, we see the practical ethics of grading and of grade inflation as being
two examples of a larger set of dilemmas for educators and educational policymakers
about how to enact justice in unjust contexts”(Finefter-Rosenbluh and Levinson, 2015,
p. 5.). Accordingly, it is possible to identify different channels through which soft
grading policies can be harmful: i) students can lose the incentive for working harder
and receive less competencies; ii) universities can deprive the degrees of their signalling
effect on the job market, losing their own reputation toward employers; iii) the entire
society can be harmed if the most selective universities would increase grades in order
to signal that their students are the best, so speeding up social inequalities.

Understanding if soft grading policies are able to affect the students’ decision making
process could be extremely relevant in the Italian context. As pointed out by Viesti
(2018), Italy is suffering a tendency towards a classist Higher Education system, which
is more and more difficult to be attained for those students who come from low-income
families. Moreover, it seems to be prominent the neo-liberal view of considering Higher
Education as a market, providing a private good to be sold to consumers. In this frame-
work, in order to evaluate universities and allocate funds, the Ministry of Education,
University and Research (MIUR) included the speed in which students obtain degrees.
However, without considering their background nor the capability of each university in
attracting the best students. The incentives are ambiguous: on the one side, universities
have much more propensity in organizing better services for students such as tutoring
activities; on the other side, if it is true that grading is able to attract students, then,
since universities could be tempted to artificially increase average marks, a perverse in-
centive arises. This work tries to check if really such policies are actually able to attract
newly-graduated high-school students who have to decide where to apply for their Higher
Education studies.

In the next section, the relationship between students, departments and grading poli-
cies will be described through a main recurrence to the literature about Grade Inflation.
Then, the Italian departments’ perspective is presented in light of the changes that the
Higher Education System has experimented both at national and global level in the last
thirty years. Moreover, the choice behavior of students will be addressed with a main
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reference to the literature about students’ mobility, coherently with the peculiar Italian
framework, which sees Italy splitted in two parts which exhibits remarkable gaps. In
the third section, the dataset is presented. Moreover, some information about Multi-
nomial Conditional Logit Model are provided, together with a brief description of the
limitations of the analysis. Finally, estimations are shown for different specifications
and four robustness checks based on some socio-demographic characteristics of the stu-
dents sampled. As it will be highlighted, softening grading policies will emerge as a
very poor strategy in order to attract students, especially those who come from those
socio-demographic categories which experiment the worst reputation.

2 Theoretical Background

2.1 Grading Policies and University Harshness

Despite all the insights about the negative effects of Grade Inflation in the Higher Edu-
cation System, Jewell et al. (2013) develop a theoretical model based on the assumption
that students can benefit from higher grades through the greater time they could spend
in leisure activities rather than studying. From this perspective, inflating grades become
a costless tool in order to reach the desired number of students, increasing the teaching
output and, consequently, the department output. Ostrovsky and Schwarz (2010) and
Chan et al. (2007) try to link grading policies with the Labor Market. The underlying
assumption is that grading could be strategically employed by the Departments in or-
der to blend the mediocre students into the good ones. In both cases their conclusion
seems to be that inflating grades and overwhelming the employers through information
suppression are Departments’ unavoidable strategies. Thus, fostering the competition
among universities with the aim to place on the Labor Market the greatest number of
students as possible. From this point of view, soft grading policies emerge as a strategy
in which departments have everything to gain.

This setting is questioned by Ehlers and Schwager (2016), who insert in their model
a reputation cost for those Universities that inflate grades. Indeed, if employers start to
penalize students coming from inflating-grades universities, then the following cohorts
will prefer to avoid this kind of universities, so signaling they award a much more valuable
degree. But, if this is true, then all the theory about ”student consumerism” results
weakened. Accordingly, if institutions engage so much in grading policies, it is due
both to the financial pressure which results in the necessity of enrolling a large number
of students, and to a customer-based concept according to which students have to be
compensated for the big amount of money spent in their higher education. Consequently,
as Chowdhury (2018) argues that students should be educated about grading policies,
the literature does not provide any strong evidence about the myth according to which
grades increase in order to indulge students’ desires (Boretz, 2004; Marsh and Roche,
2000).

Despite these evidences, there is not so much literature available about the relationship
between grading policies and students’ behaviour in Italy. A broad link between the
harshness experienced by students and their performance is addressed by Bratti and
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Staffolani (2013), who highlight a trade off between performance and time allocation,
expecting that, in the attempt of maximizing their own utility, students should actually
prefer a easier educational path. Aina et al. (2011) investigate the relationship between
Universities’ characteristics, local characteristics and students’ time-to-degree in Italy.
Their finding is that if the second always positively affects the third, on the other side the
first generates the same effects only if territorial characteristics are not included. This
suggests the presence of factors which are exogenous to the Departments themselves in
order to fully explain students’ behavior in relationship with the choice of department.

Specifically considering grading policies, Bagues et al. (2006, 2008) find that between
1998 and 2004 the Italian Higher Education System experiments a perverse incentive
structure, which causes an overall skill mismatch at the labour market. According to
their findings, grading policies are softer if a Department is experiencing a low rate
of students’ enrolment, which causes a reduction in its funding provision. Moreover
they find that those departments which provide higher average marks are more likely to
introduce in the labour market overeducated students. This means that they will have to
front lower wages and a higher probability to be unemployed. Finally, De Paola (2008)
observes that grading policies in Italy are actually a tool suitable in order to attract a
larger amount of students, when a Department faces a low demand, maybe paying only
a small cost in terms of reputation.

2.2 The Italian Departments’ perspective

As already stated, one of the main views about the causes of soft grading policies re-
gards the need of increasing the departments’ funding through an always larger number
of students. If this is true, it is probably due to the substantial change in the governance
of the Universities experienced during the last three decades. Focusing on the Italian
case, the Higher Education System developed from the Medieval Age, when universi-
ties were private and transnational instruments with the aim to select and to train the
future élite, to the Risorgimento, when they became components of the public admin-
istration, substantially managed and completely financed by the state. In the Postwar
period, as the idea of the Universal access to Education arose, the élitarian vocation
became weaker, and the view according to which universities should contribute to the
economic development of the country and to the professional training of the students was
reinforced. The consequence was to move toward the New Public Management, which
guaranteed autonomy to the departments, the State allocating resources according to
managerial criteria such as performance, cost-benefit analysis and other indicators (Bat-
tini, 2011). In this framework, decentralization was compensated by evaluation. The
information asymmetry with the stakeholders of the Education System was reduced cre-
ating a pressure for results, but with very unclear goals to be reached. At the same time,
the differences between Southern and Northern Universities, apparently inflated by the
territorial disparities between those macroareas (Ciani and Mariani, 2014), resulted in
strong differences in the allocation of resources among departments. Even when more
specific targets are settled - as in 1998 funds were provided in order to reduce imbalances
between North and South - the rules were so detailed that universities faced strong dif-
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ficulties in satisfying those criteria (Perotti, 2002). In the first place, departments tried
to front this scenario updating their educational assortment, moving from 1859 different
degree courses in 1999 to 5953 in 2007, also because the new 3-years bachelor degrees
were not interpreted as a way to prepare students for the job market, but as a first step
of a 5-years complete program (Petrosino and Schingaro, 2016; Capano et al., 2017).

Nowadays, Italy registers 4541 degree courses, an expenditure for the Higher Education
lower than the OECD average and it is second-last in the number of graduates among the
EU countries, also because it is always more difficult to access the System for low income
families. From 2004 to 2018 the number of students reduces about 20%, teachers about
17% and courses 22.5%. The financial resources provided by the Ministry of Education
are divided into a base fee and a reward fee. The base fee decreases up to the 26.8%
between 2008 and 2015. On the other side, the weight of the reward fee on the total
increases progressively. Consequently, if Northern universities experiment a reduction
in their financing around 4,3%, more than 12% was suffered by the Southern ones. In
particular, the number of students contributes to determine the amount of resources
which can be devoted to hire new professors, and the speed of students in obtaining the
degree is an indicator of the success of the universities. At the same time, Italy requires
the highest students’ fees among the European countries with comparable systems. The
reward fee provides more money to healthy institutions and less to the weak ones, so
increasing the overall gap and chasing a distorted definition of value (Banfi and Viesti,
2016; Capano et al., 2017; Cingari, 2016; Viesti, 2016, 2018). In this framework, in which
departments are more dependent by students’ fees, but also by their success in a short
time, it is not difficult to argue that universities can react making themselves easier. In
such a framework, it is very hard to argue that the drivers of the students’ choice for the
degree course should be searched so deeply into the universities’ intrinsic characteristics.

2.3 Italian Students’ Choices between Mobility and Universities’
Characteristics

In the previous section it is highlighted why Italian Universities could find useful to
intervene on their own policies in order to attract and pull in students. On the other
side, it is necessary to address the issue if those kind of strategies could be actually
effective. Empirical studies on Italy have already demonstrated how the ministerial
rules for the allocation of funds and the advent of the financial crisis in Europe caused
an increase in the competition among universities each other. This competition was
aimed mainly in attracting more applicants in order to increase their revenues both
from governmental and student sides (Cattaneo et al., 2017). As an example, Cattaneo
et al. (2019) show how departments intervene on their education offering strategically in
order to adapt to the new competitive scenarios. The reaction of the student population
is to become more selective with the choice of the degree course, also because of the poor
conditions of the job market in Italy, which requires to improve as much as possible the
signal provided by the studies’ degrees (Cattaneo et al., 2018).

The Italian framework is peculiar: in the South there are only two university courses
at the same time which can be reached by at least the 95% of the population in less than



806 Lombardi, Ghellini

60 minutes, against a national average amounting to 8. According to ANVUR (National
Agency for the Evaluation of University and Research, trans.). and MIUR evaluations,
none of these courses for Southern regions provides quality at least corresponding to
the national average, and so southerners migrate for an average distance of 143 km,
in comparison to the average distance of 40 km covered by North-Westerners and 86
km of national average (De Angelis et al., 2016). Territorial disparities in Italy are
undeniable, and this evidence makes difficult to think that what attracts students in a
far away university could be the possibility of receiving inflated grades, even admitting
the existence of spillovers and reputation effects. Enea (2018), focusing on the transition
from bachelor to master degrees, finds that conditioned to the decision of moving, a
Northern University is chosen with a 75% chance. As he points out, the presence of a
much more dynamic labor market in Northern regions is a strong reason why South of
Italy loses its best students. Also D’Agostino et al. (2019) addresses the relationship
between local labor markets and education system as a fundamental source of mobility
between students.

Accordingly, government policies based on attractiveness and university ratings to
provide financing for tertiary education, risk to overestimate the performance of the
North because of its socio-economic wealth. If the Ministry of Education allocates funds
proportionally without considering this, a cycle arises in which appealing universities
are intrinsically able to attract better students, consequently better professors and re-
searchers, improving their ratings and attracting even more very good students, so in-
creasing the gap with the “worst” universities (Giambona et al., 2017; Viesti, 2018).
Indeed, through the MIUR evaluations Ciriaci (2014) is able to conclude that Italian
students are attracted by the high-quality universities, and if these are present in their
residence region, students are less likely to move. Her conclusion is confirmed by Bratti
and Verzillo (2019), denoting how a higher quality of research is significant in reducing
the outgoing flows. Nevertheless, a consistent effect across studies emerges with regard
to the negative effect of the geographical distance and tuition fees (Pigini and Staffolani,
2016), and the negative correlation between the spatial distribution of university stu-
dents and the chance of a specific region of maintaining its competitiveness (Bruno and
Genovese, 2012). Apparently, nothing suggests that students could be driven by the
wish of easier degrees, but they seem to take their choices according with the chances
to improve their own life conditions. Regarding this, Croce and Ghignoni (2011), con-
firm how the migration choice is taken in order to find the more suitable job, in line
with the specific skills acquired. Anyway, in their estimations, a higher final mark is
always significant in increasing the probability of employment and decreasing the chance
of overeducation. Another finding by Croce and Ghignoni (2004) allows them to state
that “...educational level appear to be more important in deciding to which workers the
firm has to offer an opportunity of training, whereas unemployment rate and wage com-
pression affect the decision of how many workers making this offer” (p.27). If this is
true, and unemployment rate is able to affect the number of new employees, and if this
evidence is taken on board by those students that have to decide if and where emigrate,
than the idea reinforces that internal quality of a university for sure matters, but much
less than the quality of the territory in which it is settled.
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According to the different views exposed, in the next section a model will be presented,
which tries to address the presence of grade policies together with the unemployment
rates that students have to front. Consequently, students’ choices will be analyzed with
regard to these two aspects, stressing the idea that a soft grading policy, if used by
degree course directorates in order to attract students, is a much less powerful tool than
some streams of literature probably expected.

3 Data and Model

In this section Data and Model will be described in order to proceed to the estimation
of the probability to choose migration for Italian students between 2009 and 2011.

3.1 Data

Thanks to the Italian University Student Register (ANS) provided by the Ministry of
Education, University and Research (MIUR)1 it is possible to analyze the records of stu-
dents’ career between 2008 and 2014. Due to the necessity of analyzing some aggregate
information through degree courses as a whole, in this analysis the sample is restricted
to the period 2009-2011. In this way, it is possible to capture more or less all the stu-
dents enrolled during a certain academic year in a given course. The analysis is also
restricted to the public bachelor courses excluding the macro area of medical studies,
which presents too many peculiarities, such as a national competitive exam in order to
be admitted in. Moreover, it is also excluded the macro area of Architecture, because
of some difficulties in distinguishing between the two different departments hosted by
the University of Rome “La Sapienza”. Thus, the remaining Areas are: Agricultural;
Economics and Business; Pharmaceutical; Law; Engineering; Literature and Philosophy;
Foreign Language and Literature; Veterinary; Psychology; Communication Science; Ed-
ucation Science; Mathematics, Physics and Nature; Sports Science; Political Science;
Statistics; Sociology.

For each student several individual information are available which can affect the deci-
sion of applying for a university far away from her residence. In particular, it is possible
to identify the Macro-Region of residence (North, Centre, or South and Islands), the gen-
der, the type of high school attended, if it was a Lyceum, a technical or a professional
school, and the High School Final Mark.

Moreover, thanks to the database available at the National Italian Institute of Statis-
tics (ISTAT), the rates of unemployment for Italian regions were obtained in order to
investigate if they were able to condition the students’ mobility choices. In particular,
for the analysis the rate of unemployment at regional level for people aging between 25
and 34 years old has been chosen. It seems reasonable in light to the fact that a plausible
driver for students’ mobility could be the possibility of finding a job in a short time after
graduation.

1Database MOBYSU.IT [Mobilità degli Studi Universitari in Italia], research protocol MIUR - Univer-
sities of Cagliari, Palermo, Siena, Torino, Sassari, Firenze and Napoli Federico II, scientific reference
Prof. Massimo Attanasio (UNIPA), Data Source ANS-MIUR/CINECA.
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Finally, for each degree course in Italy, the Grade Ratio (GR) is calculated as:

GRd|y =

1
nd|y

∑nd|y
i=1 v̄i|d,y

1
nc|y

∑nc|y
i=1 v̄i|c,y

> 0, (1)

where, n represents the number of students, d represents each single course, c repre-
sents the degree class at which that course belongs to, y is the academic year, i is the
single student and v̄ is the average grade obtained. So, this Grade Ratio represents the
average grade provided by a single course in a single year divided by the average grade
provided in a single degree class in the same year. In other words, if GRd|y > 1, it does
mean that the department exhibits - in a certain measure - a softer grading policy than
the average of the other courses belonging to the same degree class.

Another indicator for the “harshness” of a course was calculated, which was called
the Dropout Ratio, in order to represent the rate of retirements from a certain bachelor
program. Of course, all those causes which are independent by the will of a student
(such as death) are excluded.

DRd|y =

1
nd|y

∑nd|y
i=1 ri|d,y

1
nc|y

∑nc|y
i=1 ri|c,y

> 0, (2)

where r can be interpreted as a binary indicator which assumes value 1 if someone
retired and 0 otherwise. If it is greater than 1, it does mean that the course presents a
rate of retirements greater than the average experimented in its degree class in Italy.

As it is intuitive to understand how grades can be used as a proxy for courses’ easiness,
the fact that dropouts can explain harshness can be discussed more deeply. As highlited
by Mossi et al. (2013), one of the duties of departments is to provide the highest standard
of discipline, with only a small number of dropouts. This allows them to be framed into
directorates’ policies, namely a suitable covariate for our model.

As it may be noticed, the choice is taken to not adjust this two indicators for the
geographical areas of the country. This comes for two reasons: i) this correction would
make sense only believing that departments are actually adapting their grading policies
strategically in order to attract students, but the only claim here is that departments
could adopt this strategy if they would trust those streams of literature which take by
given that students are attracted by “easy” university straightforwardly; ii) checking for
the effect of regional macro-areas the results remain almost perfectly unchanged, with
only small changes in the size of those coefficients highly correlated with the geographical
Italian characteristics (i.e. unemployment rates). This, without any benefit for the model
diagnostics.

Returning to the description of covariates, the distance between the residence and
each possible destination of students is calculated through the Vincenty (1975) formula,
starting from the geographical coordinates of the Italian cities.

Finally, other universities’ characteristics are obtained from the CENSIS, an Italian
Research Centre which every year publishes for one of the main Italian newspapers a
guide for the choice of the University. This peculiarity makes those guides very suit-
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able for an analysis about the drivers of the students’ decision behavior. From this
source several information are taken: the score obtained by each department, the stu-
dents/professors ratio, the students/residents ratio, and the number of scholarships pro-
vided (even if this variable presents a large amount of missing values). Moreover, other
information about the territorial conditions can be acquired. In particular, an indicator
about the cost of life in each city hosting a university is obtained combining the average
prices of coffee, bread, public transport and a “pizza and beer” dinner. As a further
matter, the average rent for a room is considered as a proxy for the wealth and the
appeal of the considered cities.

Summarizing, Grade and Droput Ratios are calculated at degree course level according
to the MIUR codes; Unemployment Rate at the region of university level; Distance, Cost
of Life, Rent and Student-Resident Ratio at the city level; CENSIS Score and Students-
Professors Ratio at the Macroarea within university level, according to the CENSIS
classification.

In the table below it is possible to control the correlation coefficients for the four main
variables in examination: Grade Ratio (GR), Dropout Ratio (DR), Unemployment Rate
(of the destination) (UU) and Distance (DIST). Indeed, keeping into consideration the
remarkable gap between North and South in Italy, and the prior which states that
grade inflation could be a tool for the poorest universities in order to attract a larger
amount of students, a legitimate doubt could arise about a problem of correlation about
GR and UU. As it can be seen, this correlation seems to be low enough and anyway
always negative, suggesting that universities settled in the wealthiest locations are those
exhibiting softer grading policies. Moreover, also the correlation between grades and rate
of retirements appears very low, even though that they should show a strong negative
correlation each other, if part of a precise strategy acted by the directorates.

Correlation Matrix

GR DR UU DIST GR DR UU DIST

Overall North

GR 1.00 1.00

DR -0.1479 1.00 -0.1472 1.00

UU -0.1880 0.0538 1.00 -0.1926 0.0534 1.00

DIST 0.0011 0.0207 0.0700 1.00 -0.1612 0.0553 0.8419 1.00

Centre South and Islands

GR 1.00 1.00

DR -0.1415 1.00 -0.1522 1.00

UU -0.1859 0.0534 1.00 -0.1845 0.0544 1.00

DIST 0.0463 0.0591 0.0597 1.00 0.1540 -0.0273 -0.7344 1.0000

Table 1: Correlation coefficients for Grade Ratio (GR), Dropout Ratio (DR), Rate of
Unemployment for the regions of destination (UU) and Residence-University
Distance (DIST).
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A particular observation is deserved by the three subsets based on residence Macro-
Areas. Coherently with the picture emerged from the literature, unemployment rates
show a strong positive correlation for the Northern students, a strong negative correlation
for the Southern students, and are basically uncorrelated for those coming from the
Centre of Italy.

3.2 Model

The issue of understanding how students take the decision about where to go for their
higher education studies presents several problems. Indeed, the choice behavior presents
unobservable characteristics in individuals, but also patterns that can be deduced from
the attributes of the alternatives themselves. In order to address this framework, Mc-
Fadden et al. (1973) proposes the Multinomial Conditional Logit Model as a tool for
analyzing a quantitative choice behavior. In this setting, the objects of choice and sets
of alternatives available for every student are represented by each Italian University, con-
ditional to the choice of a certain Macro-Area of study. Davies et al. (2001) highlights
the main advantages to use this model for the case of locational choices by individuals.
Besides the fact that it is possible to analyze a wide range of different alternatives, it is
very important to point out the crucial role that Multinomial Conditional Logit allows
to play for the distance between residence and destination. As it is easy to assume a
deterring effect for distance, so it is impossible to include it in standard Logit models
based on individual characteristics. In a nutshell, the reason lies in the fact that the
distance depends not only by the location of a student, but also by the one of the uni-
veristy itself. From this point of view, this variable incorporates a characteristic of the
object of choice, and consequently it must be compared with the distance of the student
from each possible alternative, as the Multinomial Conditional Logit allows for.

Following Guimaraes et al. (2005) , let Zus stands for the characteristics of the uth
alternative for individual s. Denoting with α the vector of parameters, U will be the
number of unordered alternative Universities where each student can choose to apply.
Consequently, each alternative in each choice generates its own utility as:

Uus = Zus + εus. (3)

So, with εus i.i.d., each student chooses the University which maximizes its utility with
probability pus:

pus =
exp(Zus)∑Us
u=1 exp(Zus)

=
exp(α′xus)∑Us
u=1 exp(α

′xus)
, (4)

where, Us represents the set of alternatives fronted by each student and xus are the
covariates. When these are restricted to the characteristics of individuals, the model
collapses into a standard Multinomial Logit. Conversely, the variable dus = 1 has to
be defined if students s choices the University u (0 otherwise), in order to express the
Likelihood Function as:
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LCL =

N∏
s=1

Us∏
u=1

pdusus . (5)

Thanks to this specification, it is possible to consider the situation in which, across
individuals, the number of choices and relative characteristics differ. On the contrary, it
could be necessary to implement a Grouped Conditional Logit Model.

Another way to model this kind of data could be through a Poisson model, which
returns the same estimations in case as the present, in which locational determinants
are purely location-specific (Guimaraes et al., 2004). Nonetheless, Schmidheiny and
Brülhart (2011) highlights how the underlying economic implication is substantially
different. Indeed, Multinomial Conditional Logit Model is more suitable to analyze the
framework described by our data, representing zero-sum reallocations of students across
universities. From this point of view, it seems realistic in this context the intrinsic
assumption according to which location characteristic does not affect the total number
of students who decide to apply for Higher Education, but only their own choice on
where to apply.

The estimation strategy will proceed as follows: firstly, Grade and Dropout Ratios,
Unemployment Rate of the (possible) destination and Distance between residence and
destination will be inserted as covariates. Consequently, control variables will be added
in order to check the robustness of the main covariates.

Then, for this basic model two extensions will be explored. In the first, the interaction
terms between Grade and Dropout Ratios and Unemployment Rate. So, it is possible to
control if grading policies are able to modify the choice of a student with regard to the
occupational health of the places to where she moves. In the second, non-linear effects
of Grade and Dropout Ratios are explored through a quadratic function for these two
regressors. The intuition behind this specification lies in the fact that if it is true that a
student could prefer to move towards the “easiest” universities, it is also true that very
extreme values for Grade (Dropout) Ratio can bring to negative (positive) “reputation
effects” for a degree course which presents them. Just because grading policies are
assumed to work by mean of universities’ reputation, in this analysis the two relative
variables are associated to the observations for the subsequent academic year. Of course,
a student who is thinking to apply in a certain university, cannot know in advance which
level of grades and dropouts she will front during her first year of courses.

In order to make easier the interpretation of the results in the quadratic models,
Williams (2012) will be followed for interpreting marginal effects. Through this technique
it is possible to measure the effect on the conditional mean choice of a change in a
specified regressor. This effect will be measured based on the mean value of the other
covariates.

This study presents also some limitations. First of all, such an analysis implies that the
decision of students is taken in two steps: in the first students decide what to study, in the
second they decide where to study it. Consequently, the estimation focuses on this second
step. Besides the fact that it is possible that a student is undecided between studying a
certain subject in a certain university, or another subject in another university, in general
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this assumption could be acceptable enough. Another strong limitation is that, due to
to large amount of alternatives, it is very hard to compute all the different dummies in
order to include individual characteristics of decision makers (Guimaraes et al., 2005).
Consequently, some of them will be explored subsetting the dataset basing on isolated
socio-demographic characteristics such residence Macro-Region (North, Centre, or South
and Islands), Gender, High School type and High School Final Mark.

Moreover, the usage of administrative data prevents to investigate several important
unobservable factors affecting the student decision making process, such as their desires
and aspirations, their willingness to leave home, the feedback provided by their networks
of relationships.

Finally, the large amount of students fronting so many alternatives generates a very
inflated dataset. Indeed, the overall sample includes up to 513,624 freshmen over three
years, which are multiplied for the number of alternative choices. Thus, the total number
of observations amounts roughly to 14 millions. The consequence is that almost every
coefficient is statistically significant and doubts arise about the relevance of p-values
in this context (Kenett and Rubinstein, 2017). Thus, thanks to the availability of the
population according to considered cohort, it becomes generally sufficient to consider
only the magnitude of estimates.

4 Estimations and Results

4.1 Model Selection

In Table 2 results are presented for the Conditional Multinomial Logit Model. In model
I the four covariates of main interest for this analysis are included: Grade Ratio , which
is our proxy of easiness, Dropout Ratio, our proxy of harshness, Unemployment Rate,
the most representative variable with respect to the local conditions of the territories in
which each university is settled, and finally the distance between the residence and the
university, as the most representative proxy for the students’ cost of moving.

The first noticeable thing is that Grade and Dropout ratios seem to have both the
effect of attracting students. This evidence is contradictory, but at the same time it
appears remarkable how the magnitude of the Grade Ratio’s Odds Ratio is very small
in comparison with the Dropout Ratio, which is much more higher. On the other side,
Unemployment Rate significantly wards off students, and it will remain consistent for
all the different specifications presented, as it will be showed. Consistently, the Distance
between the residence of each student and the the city in which each University is located
will present always a strong deterring effect across different specifications.

In model II, a set of control variables is added, two of them accounting for the territorial
conditions and four more specific regarding university characteristics. Life Cost and Rent
are those in the first category. The cost of life - which combines the prices of beer and
pizza dinner, bread, coffee and bus tickets - has a negative effect on those departments
located in highly expensive cities, as expected. On the other side, the price of renting a
room for a student in the city turns out to be an attractor. If this result could appear
struggling, the explanation should be searched in the double information obtainable
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from this indicator. Indeed, if it is undesirable to pay a rent too high, at the same time
exhibiting high rents for a city in this case could be the symptom of being in a rich
place both in terms of wealth and opportunities. In this framework, students and their
families seem to be willing of big sacrifices when they have to choose how much to invest
in their own future.

Conditional Multinomial Logit

Choice I II III IV V

Grade Ratio 1.0488 1.0237 1.0210 1.0231 1.0281

(0.0020) (0.0023) (0.0023) (0.0023) (0.0023)

Grade Ratio2 0.9688

(0.0016)

Dropout Ratio 1.4036 1.3182 1.3171 1.3208 1.6894

(0.0020) (0.0022) (0.0023) (0.0022) (0.0054)

Dropout Ratio2 0.9237

(0.0008)

Unemployment Rate 0.3470 0.3322 0.3318 0.3345 0.3249

(0.0015) (0.0018) (0.0018) (0.0018) (0.0017)

Grade#Unemp. 0.9719

(0.0023)

Dropout#Unemp. 0.9791

(0.0015)

Distance 0.0300 0.0250 0.0250 0.0250 0.0249

(0.0002) (0.0001) (0.0001) (0.0001) (0.0001)

Life Cost 0.8240 0.8191 0.8245 0.8235

(0.0034) (0.0033) (0.0033) (0.0033)

Rent 1.2277 1.2238 1.2260 1.1591

(0.0027) (0.0027) (0.0027) (0.0027)

CENSIS Score 1.1055 1.0950 1.1168 1.1313

(0.0034) (0.0034) (0.0035) (0.0035)

Stud./Prof. 1.2320 1.2205 1.2401 1.2114

(0.0045) (0.0045) (0.0046) (0.0046)

Stud./Res. 8.8623 8.5584 8.8489 8.2540

(0.3411) (0.3316) (0.3409) (0.3198)

Observations 13,996,943 11,217,261 11,217,261 11,217,261 11,217,261

Log-Likelihood -816755.69 -670750.34 -670602.63 -670557.76 -666480.54

LR(chi2) 1249836.61 1180729.04 1181024.45 1181114.19 1189268.63

Prob > chi2 0.0000 0.0000 0.0000 0.0000 0.0000

Pseudo R2 0.4335 0.4681 0.4682 0.4683 0.4715

N.B. Unless otherwise specified, each Odd Ratio is statistically significant at 1% level.
− = Odd Ratio statistically not significant.

Standard Deviations between brackets. All variables are standardized.

Table 2: Model Specifications for the Multinomial Conditional Logit Model.
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Regarding the score provided yearly by Censis to the universities, it has a very small
power in driving the students’ choices, as expected, but still it seems that departments
could benefit from it. Finally, the ratio between students and residents in each city it
is strongly able to attract students, consistently with the idea that they well-evaluate
cities with a large population of their own peers.

Less understandable is to observe the same significant effect for the ratio between stu-
dents and professors in each university. The same struggling result is reported by Bratti
and Verzillo (2019) who explain it guessing that “[...] these indicators of overcrowding
are seizing the level of popularity’ (trendiness) of certain courses, so a positive rather
than a negative feature of universities (i.e. high demand)” (p. 15). Complementarly,
this result could be mainly driven by the denominator of this ratio, revealing the attrac-
tiveness of attending courses with a larger number of students, even independently from
their educational offer.

Figure 1: Marginal effects for the quadratic estimates of Grade (left side) and Dropout
(right side) Ratios.

In order to exploit the role of grading policies in students’ decisions for which university
to attend, interaction terms with the Unemployment Rate are added with regard to
Grade and Dropout Ratio (Table 2). In model III it is showed how the two interactions
with the rate of unemployment maintain the effect of pushing out students. But, as in
the case of Dropout Ratio a high unemployment rate seems to be able only to mitigate
the attractivity of the first covariate, in the case of the Grade Ratio the positive effect
of a soft grading policy is completely reverted by the local conditions of the city hosting
a certain department. In other terms, a university settled in a poor region which boosts
too much its grades is penalized by students, but also a department located in a wealthy
region is, even if less.
Remaining on Table 2, in the models IV and V quadratic terms are added for Grade
and Dropout Ratios, respectively. As better clarified in Figure 1, representing margins,
both Grade and Dropout Ratios exhibits a significant non-linearity. Concerning the
Grade Ratio, both too high and too low values present marginal effects much lower
than those exhibited for ranges in the middle. On the other side, the function plotted
for the Dropout Ratio is much more increasing, and the predicted probability for the
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highest extreme value of this variable is much higher than the one predicted for the lower
extreme. This suggests that students could positively reward a fair grading policy and,
at the same time, also a harsh degree path. This could be the effect of an attempt to
receive the better education as possible, obtaining a degree able to provide a good signal
on the job market, after the graduation.
In the next subsections, these results, obtained for the overall sample, will be checked
controlling their robustness on different sub-samples based on socio-demographic char-
acteristics.

4.2 Differences by Residence Macro-Regions

Table 3 presents results for the specification with the interaction terms, dividing the
overall sample by the three macro-regions in which students can be resident: North,
Centre and South and Islands. Some differences emerge to be highlighted. As it is
shown, only the subset “South and Islands” is consistent with model III.

Conditional Multinomial Logit

VI

Choice North Centre South and Islands

Grade Ratio 0.7319 0.9765 1.2172

(0.0095) (0.0052) (0.0057)

Dropout Ratio 1.8814 1.3286 1.6380

(0.0141) (0.0069) (0.0054)

Unemployment Rate 2.4679 0.2767 0.4495

(0.0404) (0.0040) (0.0029)

Grade#Unemp. 0.6264 1.2284 0.8247

(0.0088) (0.0114) (0.0036)

Dropout#Unemp. 1.5026 0.8844 0.8650

(0.0113) (0.0058) (0.0024)

Distance 0.0015 0.0040 0.0706

(0.0000) (0.000) (0.0005)

Controls Yes Yes Yes

Observations 4,523,683 2,258,285 4,435,293

Log-Likelihood -200073.38 -111619.69 -301826.9

LR(chi2) 622787.95 286811.32 385590.51

Prob > chi2 0.0000 0.0000 0.0000

Pseudo R2 0.6088 0.5623 0.3898

N.B. Unless otherwise specified, each Odd Ratio is statistically significant at 1% level.
− = Odd Ratio statistically not significant.

Standard Deviations between brackets. All variables are standardized.

Table 3: Multinomial Conditional Logit Model: North, Centre, and South and Islands.
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On the other side, for Northern students the interaction term between Dropout Ratio
and Unemployment Rate is greater than 1, as the interaction term between Grade Ratio
and Unemployment Rate for Central students. Moreover, the Unemployment Rate seems
to have a calling effect for Northern Students. This significance probably reflects both
the peculiar condition of the Northern Italy, which is the wealthier macro-region, and
the consequences of such an inflated dataset. As showed, Northern subset exhibits also
the highest Pseudo R2, almost double with regard to the Southern one. The most
conservative explanation for
this result could be that Unemployment Rate is not so important in driving the Northern
students’ choice, which is much more straightforward than the one of their Southern
peers. Moreover, Southern students are the less repelled by the distance from their
residence and the University. This result confirms the idea that for them moving far away
for attending a degree course it is almost the only option, making much more important
to evaluate carefully all the implications of the final choice, even the beneficial presence
of a soft grading policy. On the other side, comparing Northern and Central students,
they both penalize universities with soft grading, but the first also in the interaction
effect, in contrast to the latter.
In other words, Northern students move for shorter distances, paying less attention
to the territorial conditions in which the university is settled and more attention to the
grading policies. The opposite evidence arises regarding Southern students. Nonetheless,
the most impressive result materializes looking at Figure 2, in which the marginal effects

(a) (b) (c)

(d) (e) (f)

Figure 2: Marginal effects for the quadratic estimates (a) GR - North (b) GR - Centre
(c) GR - South and Islands (d) DR - North (e) DR - Centre (f) DR - South
and Islands
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for the quadratic estimations of Grade and Dropout Ratios are plotted.
In the case of students from the centre of Italy (b), the quadratic component is not
significant and the effect is linearly decreasing. In the case of southerners (c), the
quadratic component is significant only at 10% level, and it is positive as in the linear
coefficient, resulting in a slightly exponential increasing function. Analyzing these results
jointly, it comes up that Southern students are those exposed to the hardest choices,
careful to move toward wealthier locality and penalizing less the most far universities.
At the same time, they also better reward universities which adopt softer grading policies.

4.3 Differences by Gender

Looking at the results of the models VII (Table 4), almost any differences emerge about
the decision behavior of females and males regarding which university to attend.

Conditional Multinomial Logit

VII

Choice Female Male

Grade Ratio 1.0031− 1.0371

(0.0030) (0.0035)

Dropout Ratio 1.2709 1.3593

(0.0030) (0.0032)

Unemployment Rate 0.3353 0.3263

(0.0025) (0.0025)

Grade#Unemp. 0.9830 0.9589

(0.0032) (0.0033)

Dropout#Unemp. 0.9890 0.9751

(0.0021) (0.0021)

Distance 0.0226 0.0277

(0.0032) (0.0002)

Controls Yes Yes

Observations 5,731,143 5,486,118

Log-Likelihood -339063 -330868.49

LR(chi2) 628525.24 553840.67

Prob > chi2 0.0000 0.0000

Pseudo R2 0.4810 0.4556

N.B. Unless otherwise specified, each Odd Ratio

is statistically significant at 1% level.
− = Odd Ratio statistically not significant.

Standard Deviations between brackets.

All variables are standardized.

Table 4: Multinomial Conditional Logit Model: Males and Females.
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The only apparent distinction is that males seem to be slightly more sensitive to soft
grading policies. Indeed, the Grade Ratio is even not significant for women, who appear
also to be very discouraged in attending universities exhibiting easier grading policies
and settled in cities with high unemployment rates. Anyway, no substantial gender
differences emerge from this analysis, in general.

4.4 Differences by Secondary Education Degree

In this section students are divided among those who attended a Lyceum as a Secondary
Education School, who attended a Technical School, and who attended a Professional
School. Looking at model VIII, also in this case a contrasting evidence emerges regarding
Grade and Dropout Ratio. Indeed, if students from Lyceum evaluates well a soft grading
policy, Technical and Professional scholars are repelled by it. On the contrary, Dropout
Ratio is always rewarded by students’ choices. On the other side, the two interaction
terms always exhibit Odds Ratios lower than 1, confirming the idea that the territorial
conditions in which a university is settled strongly influence the attractiveness generated
by departments’ policies.
Consistent results are those obtained from Figure 4, which shows clearly how the pre-
dicted marginal effect for the lower Grade Ratios are much higher in the case of Pro-
fessional and Technical Schools than in the Lyceum case. Nevertheless, the marginal
effects predicted for the highest Grade Ratio, and the level at which this tendency is
maximized, are at the end pretty much equal.

(a) (b)

(c) (d)

Figure 3: Marginal effects for the quadratic estimates (a) GR - Male (b) GR - Female
(c) DR - Male (d) DR - Female
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Quadratic estimations for the Dropout Ratios (4(d), 4(e), 4(f)) points in the same
direction. Indeed, estimating this specification emerged how the Grade Ratio seems to
have little importance, even negative in the case of Technical Schools, and not significant
in the case of Professional Schools. On the other side, predictions at margins are lower
for lower levels of the Dropout Ratio, and higher as they increase. It is noticeable as, also
in this case, students with so different backgrounds seem to be so attracted by harsher
universities.

4.5 Differences by High School Final Marks

Finally, some considerations about the final mark obtained at the end of the High School
by students. For the sake of simplicity, the overall data are subsetted dividing the sample
according to the most realistic psychological thresholds conceivable : from 60 to 79; from
80 to 89; from 90 to 100 with Honor.

Conditional Multinomial Logit

VIII

Lyceum Technical Professional

Grade Ratio 1.0574 0.9597 0.9744

(0.0029) (0.0045) (0.0084)

Dropout Ratio 1.3386 1.2840 1.1852

(0.0026) (0.0046) (0.0082)

Unemployment Rate 0.3367 0.3265 0.3297

(0.0022) (0.0036) (0.0067)

Grade#Unemp. 0.9778 0.9652 0.9159

(0.0017) (0.0046) (0.0079)

Dropout#Unemp. 0.9772 0.9874 0.9669

(0.0017) (0.0032) (0.0059)

Distance 0.0279 0.0187 0.0181

(0.0002) (0.0002) (0.0004)

Controls Yes Yes Yes

Observations 7,546,579 2,733,180 800,612

Log-Likelihood -453172.22 -157860.13 -48074.405

LR(chi2) 786698 290821.29 96988.00

Prob > chi2 0.0000 0.0000 0.0000

Pseudo R2 0.4647 0.4795 0.5022

N.B. Unless otherwise specified, each Odd Ratio is statistically significant at 1% level.
− = Odd Ratio statistically not significant.

Standard Deviations between brackets. All variables are standardized.

Table 5: Multinomial Conditional Logit Model: Lyceum, Technical, and Professional
Schools.
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Looking at model IX, students with the lowest evaluations does not seem to be affected
by soft grading policies, contrarily with the expectations. On the other side, students
with highest evaluations are attracted by higher Grade Ratios. The effect of the Dropout
Ratio is consistent with the evidence examined above for all the three categories. In a
nutshell, for each subset a soft grading policy has at least a null effect on a same level
of unemployment rate.
This evidences are substantially confirmed by the quadratic estimates in Figure 5. In-
deed, if the effect of the Dropout Ratio is pretty much the same across those subsets, the
effect of the Grade Ratio appears to be more negative in the case of poorly-evaluated
students, than in the case of their high-graded colleagues.

(a) (b) (c)

(d) (e) (f)

Figure 4: Marginal effects for the quadratic estimates (a) GR - Lyceum (b) GR - Tech-
nical (c) GR - Professional (d) DR - Lyceum (e) DR - Technical (f) DR -
Professional

5 Conclusions

At the very end, the main aim of this work was just to try to restore the reputation
of young Italian students. In spite of those who want to depict this particular class of
population as composed mainly by people who are in search for the easiest road, the
estimation tells a different story. If really departments’ directorates want to soften their
grading policies in order to attract students, they are choosing a weak strategy.
Anyway, this analysis is not able to infer about a conscious recourse to this tool, even
if it is a good point to be investigated. At the moment, it seems only possible to say
that, if grading has any effect in attracting students, this is generally negative. Indeed,
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the results describe a very different picture than the one expected. Italian students
are willing to make very difficult choices. Besides individual enterprise and craving
for adventures, it is never easy to leave their homes, starting over with new friends,
new relationships and new habits. In most cases, students move from very little and
peripheral towns towards the biggest cities in the country, so perceiving the transfer as
even more upsetting. Nevertheless, they leave for a very long distance mainly because
they feel to have to do it. In a country such as Italy, which sometimes appears to be
divided in two parts with a huge social and economic gap, emigration becomes the best
option in order to improve their life condition, and to find a job in line with the acquired
skills. Moreover, a prior which states that a university can attract more students by
means of grades it is not harmless. Indeed, it damages at the same time the reputation
of students and of the Higher Education System as a whole, which is maybe worse. It
is very sad and dangerous to think that our universities could be institutions ready for
anything in order to increase their revenue, even if this turns out to impoverish the
competencies provided and their reputation itself.

Conditional Multinomial Logit

IX

[60,80] (80,90] (90,Honor]

Grade Ratio 0.9951− 1.0289 1.0872

(0.0031) (0.0048) (0.0053)

Dropout Ratio 1.2753 1.3290 1.3990

(0.0030) (0.0044) (0.0047)

Unemployment Rate 0.3274 0.3424 0.3411

(0.0030) (0.0037) (0.0037)

Grade#Unemp. 0.9777 0.9733 0.9506

(0.0032) (0.0047) (0.0049)

Dropout#Unemp. 0.9766 0.9755 0.9877

(0.0021) (0.0030) (0.0030)

Distance 0.0204 0.0248 0.0389

(0.0002) (0.0003) (0.0004)

Controls Yes Yes Yes

Observations 6,175,403 2,682,634 2,359,224

Log-Likelihood -359250.98 -159116.76 -149975.52

LR(chi2) 687195.35 280480.80 217867.05

Prob > chi2 0.0000 0.0000 0.0000

Pseudo R2 0.4889 0.4685 0.4207

N.B. Unless otherwise specified, each Odd Ratio is statistically significant at 1% level.
− = Odd Ratio statistically not significant.

Standard Deviations between brackets. All variables are standardized.

Table 6: Multinomial Conditional Logit Model: Range of High School final marks
([60,80], (80,90], and (90,Honor]).
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Nevertheless, it is also undeniable that increasing grades appear in the Italian Higher
Education System such as all over the world, as showed by a rich stream of literature.
But the main finding of this paper is that it is a situation that does not pay at any
level. Indeed, if always more scholars are devoting their studies to the phenomenons
of overeducation and job mismatching, it can be also attribute to the perverse effects
of grade inflation. A defective competition among students push them in trying to
get always higher marks, which should have the role to improve the individual signal
on the job market. But, greater the resulting grade compression, weaker the signaling
effect provided by each degree, higher the possibility of mismatching between the job
position obtained and the skills acquired during studies. And to make matters worse, the
issue can be addressed also with regard to Social Inequalities. Indeed, it is reasonable
to expect that this competition among students would advantage the richest, as their
higher income permits them to spend more time in the university system, paying a higher
amount of fees, in order to force grade compression. Some hints about this hypothesis
are obtainable by the presented results. It is remarkable how students from Professional
and Technical High School, and those with low final marks, are the more deterred by
soft grading policies, as they should improve the poor signal that their credentials have
acquired until that moment. As it was showed, in general Dropout Ratio presented a
much bigger attractive power than the Grade Ratio, highlighting anyway a general will
of obtaining the best education as possible without shortcuts.
Finally, from this work is also possible to derive suggestions for the policy makers. In
the situation which has been described, the system of funding allocation which rewards

(a) (b) (c)

(d) (e) (f)

Figure 5: Marginal effects for the quadratic estimates (a) GR - [60,80] (b) GR - (80,90]
(c) GR - (90,Honor] (d) DR - [60,80] (e) DR - (80,90] (f) DR - (90,Honor]
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universities with higher ranking positions, and penalizes those with lower ones, results
in an engine to increase the North-South gap in Italy. What is more, this study shows
how, in order to reduce this gap, it would be necessary a much more wide perspective,
which has to be able to address the fact that reforming universities is not enough. It is
necessary to work on the territory, improving the interconnections between the Higher
Education System and its business fabric. If a region is not appealing in its employment
sector, neither its universities are.
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